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Abstract

This paper studies a class of non Markovian and non homogeneous
stochastic processes on a finite state space. It provides an unified
approach to simulated annealing type processes, certain vertex rein-
forced random walks and certain models of learning in games including
Markovian fictitious play.
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1 Introduction

Let E be a finite set called the state space, M = M(E) the set of Markov
matrices over F, and ¥ a compact convex subset of an Euclidean space called
the observation space. Let (€2, F,P) be a probability space equipped with an
increasing sequence of sub o-fields {F,,n € N} : F, C F, .1 C F.

Our main object of interest is a discrete time random process (X, M, V) =
((Xpn, My, Vy,)) defined on (2, F, P) taking values in E' x M(E) x 3 such that:

*We acknowledge financial support from the Swiss National Science Foundation grant
200020-112316 .



(i) (X, M,V) is adapted (to {F,,n € N}), meaning that (X, M,,V,) is
F,,-measurable for each n.

(ii) Forally e £

We refer to X, (respectively V,,) as the state (respectively, the observation)
variable at time n; and to the sequence (M,,) as the strategy. We let
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denote the empirical average up to time n of the sequence of observations.
A well studied situation is when

M, = K(v,) (2)

where K maps continuously probability vectors to irreducible Markov matri-
ces. In such a case (X)) is called a “Markov chain controlled” by (v,) and
the behavior of (v,) can be analyzed through the ODE

U =—v+m(v) (3)

where 7(v) is the invariant probability of K (v). This approach to controlled
Markov chains goes back to the work of Métivier and Priouret (1987) (see also
the books Benveniste, Métivier and Priouret (1990), Duflo (1996)) strongly
influenced by the pioneered works of Ljung (1977), Kushner and Clark (1978)
on the ODE’s method. It has been used in Benaim (1997) for analyzing
certain vertex reinforced random walks on finite graphs.

The main purpose of this paper is to investigate the long term behavior of
(v,) under less stringent assumptions than (2). In particular we are interested
in situations where:

(a) M, may depend on other (non-observable or hidden) variables than v,
and;

(b) The closure of {M, : n > 0} may contain degenerate (i.e non irre-
ducible) Markov matrices.



Situation (a) typically occurs in game theory where players may have only
partial information on the actions played by their opponents, and (b) is
motivated by stochastic optimization algorithms.

Relying on a recent paper by Benaim, Hofbauer and Sorin (2005) it will
be shown that under certain assumptions (involving estimates on the log-
Sobolev and spectral gap constants of (M,,)) the aymptotic behavior can be
described in term of a certain set-valued deterministic dynamical system that
generalizes the ODE (3). Applications to non-homogeneous Markov chains,
vertex reinforced random walks and learning processes in game theory will
be given.

Outline of contents

The organization of the paper is as follows. Section 2 states the notation,
hypotheses and the main result. Our main assumption (Hypothesis 2.1)
is somewhat abstract and more tractable conditions (expressed in term of
spectral gaps and log-Sobolev constants) are given in section 3. Section 4
is devoted to examples and applications. The proof of the main result is
postponed to section 5.

2 Notation, hypotheses and main results

A probability vector (or measure) over E is a map p : E — RT such that
> . p(x) =1, and a Markov matrizis a map M : E x E — R™, such that

Ve € E, ZM(x,y)zl.

Y

We let A = A(FE) denote the space of probability vectors over E and M =
M(E) denote the set of Markov matrices on E.
Given a function f: F — R and p € A we use the notation

pf=> px)f ().

A Markov matrix M on E acts on functions f and measures p according to
the formulas

Mf(z) = M(z,y)f(y),
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pM(y) = p(w)M(z,y).

We let M™ denote the Markov matrix obtained by matrix multiplication.
Equivalently M™f = M(M"~!f) for n > 1, with the convention that M°f =
f.

Points x,y € E are said to be related if there exist 7,5 > 0 (depending
on z and y) such that M(z,y) > 0 and M?(y,x) > 0. An equivalence class
for this relation is called a recurrent class. The Markov matrix M on E is
said indecomposable if it has a unique recurrent class (possibly periodic) and
is said rreducible if this recurrent class is E.

By standard results, indecomposability of M implies that M possesses a
unique invariant probability measure w characterized by the relation 1M = 7.
Moreover, the generator L = —I + M has kernel R1 and its restriction to
{f :mf =0} is an isomorphism. It then follows that —L admits a pseudo
“inverse” () characterized by

and
QU-M)=(I-M)Q=1I-1IL

where II € M denote the matrix defined by Il(x,y) = 7w(y). To shorten
notation we also call () the pseudo inverse of M.

Given a vector f and a matrix N, we set |f| = max|f(z)| and |N| =
max, , |N(z,y)|.

Our main assumption is the following:

Hypothesis 2.1 The matrices (M,,) are indecomposable and their pseudo
inverses (Q,) and invariant probabilities (m,) satisfy

(i)
1o 1O log(n)

n—o0 n

=0,

(ii)
nh—>nolo |Qn+1 - Qn| = 0,

(iii)

lim |7, — m,| = 0.
n—oo



The verification of hypothesis 2.1 is the subject of section 3 where suffi-
cient and more tractable conditions will be detailed.

Let Vn : E — ¥ be an F,-measurable map defined by

¥ E(Vn—i-llX :w‘fn)
Vn — n+1
(z) My, (X, @)

for M,,(X,,,z) # 0. In addition to hypothesis 2.1 we assume that

Hypothesis 2.2

~

nh—{{olo Mn—i—lQn—i—l(Vn-l—l - Vn) = 0.

Remark 2.3 Here are some sufficient conditions ensuring hypothesis 2.2.

(i) Assume that z — V() — V,,(2) is a constant map. Then hypothesis
2.2 holds since @),,1 = 0. This will be used in section 4.

(ii) More generally, let Y be the affine hull of ¥ (the smallest affine space
containing ). Assume that for all n € N there exists a vector A,, € TS
and a map B, : E — T such that

(a) Forall z € E, Vi1 (z) — Vo(z) = A, + B, ()

(b) lim SUpPy,_ o0 |Bn|\/% < o0

Then | M, 11Qni1(Vasr — Vi)l = [Ms1Qnis1Bal < [Qna||Ba| — 0 by
hypothesis 2.1.

(iii) Assume that M, (z,y) = m,(y). Then M, 1@, 1 = 0 so that hypothesis
2.2 holds.

2.1 Adapted set-valued dynamical systems

The purpose of this section is to introduce certain differential inclusions on
Y that will prove to be useful for analyzing the long term behavior of (v,,).
Recall that we let 7, denote the invariant probability of M,,. Let

O = Vo = > Tl(a)Va(2). (4)



We let C,, C 3 x ¥ denote the topological support of the law of (v, 6,). That
is the smallest closed set F' C ¥ x ¥ such that

P((vn,0,) € F)) = 1.

Let clos{C,,} denote the set of all possible limit points z = limz,, with
Zn,, € Cp, and ny — o00. It is easily seen that clos{C},} is a nonempty compact

subset of ¥ x 3.
A nonempty set G C X x X is called a graph (or a bundle) over X, if the
projection
p:G— 3,
(u,v) — u
is onto. A graph G over X defines a set-valued function mapping each point
ueXtoaset Glu)={veX :(uv)e G}

Definition 2.4 A set C C ¥ x ¥ is said to be adapted to {(v,,0,)} (or
simply adapted) if

(i) C is a closed graph over X.
(ii) For allu € X, C(u) is a nonempty conver set.

(iii) clos{C,} C C.
To an adapted set C' we associate the differential inclusion
v e —v+C(v). (5)

A solution to (5) is an absolutely continuous mapping v : R — ¥ verifying
0(t) + v(t) € C(v(t)) for almost every t. A set A C X is said to be invariant
if for all x € A there exists a solution x to (5) with x(0) = x and such that
x(R) C A.

Given a set A C ¥ and (z,y) € A% we write x <4 y if for every € > 0
and 7" > 0 there exists an integer n € N, solutions x1, ...x, to (5) and real
numbers ty,to, ..., t, greater than 7" such that

(a) x;([0,t]) C A,
(b) [[xi(ti)) = %41 (0)]| <eforalli=1,...,n—1,



(¢) lx1(0) — zf| < e and [[x,(tn) = yll < e

Definition 2.5 A set A C X is said to be internally chain transitive provided
A is compact and x — 4 y for all x,y € A.

It is not hard to verify (see e.g Benaim, Hofbauer and Sorin (2005) Lemma
3.5) that an internally chain transitive set is invariant.

The limit set of (v,) is the set L = L((v,)) consisting of all points p =
lim v, for some sequence nj — 0o. The next theorem 2.6 is the main result
of the paper. Its proof heavily relies on Benaim, Hofbauer and Sorin (2005)
and is given in section 5.

Theorem 2.6 Assume that hypotheses 2.1 and 2.2 hold. Let C be an adapted
graph. Then the limit set of (v,) is an internally chain transitive set for the
differential inclusion

v e —v+C(v).

2.2 Background : How to use Theorem 2.6

The notion of “internally chain transitive set” was introduced by Benaim
and Hirsch (1996) in order to analyze the long term behavior of certain per-
turbations of flows and has been recently extended to multivalued dynamical
systems by Benaim Hofbauer and Sorin (2005). We refer the reader to this
paper for more details, examples and properties. For convenience this section
briefly reviews a few useful properties of internally chain transitive sets.
The differential inclusion (5) induces a set-valued dynamical system {®, };cr

defined by

O, (z) = {x(t) : x is a solution to (5) with x(0) =z € X}.

A non empty compact set A is an attracting set if there exists a neigh-
borhood U of A and a function t from (0,¢) to RT with 5 > 0 such that

o, (U) C A°

for all € < &g and t > t(e), where A® stands for the e—neighborhood of A. If
additionally A is invariant, then A is an attractor.
Given an attracting set (resp. attractor) A, its basin of attraction is the

set
BA)={zxeX: 3t >0, O(x) € U}.
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When B(A) =X, A is a globally attracting set (resp. a global attractor).

Given a closed invariant set S, the induced dynamical system ®° on S is
defined by

7 (x) = {x(t) : x is a solution to (5) with x(0) = x and x(R) C S}.

An invariant set S is attractor free if there exists no proper subset A of S
which is an attractor for ®.

Throughout the remainder of this section we let L denote an internally
chain transitive set (for instance the limit set L = L(v,)). Properties of L
will then be obtained through the next result (Benaim, Hofbauer and Sorin
(2005), Lemma 3.5, Proposition 3.20 and Theorem 3.23):

Proposition 2.7 (i) The set L = L((v,)) is non—-empty, compact, invariant
and attractor free.

(ii) If A is an attracting set with B(A) N L # 0, then L C A.

Some useful properties of attracting sets or attractors are the two follow-
ing (Benaim, Hofbauer and Sorin (2005), Propositions 3.25 and 3.27).

Proposition 2.8 Let A C X be compact with a bounded open neighborhood
UandV : U — [0,00[. Assume the following conditions:

(i) @.(U) C U forallt >0,

(i) V7H(0) = A,

(iii) V s continuous and for allz € U\A,y € ®4(x) andt > 0, V(y) < V(z).
Then A contains an attractor whose basin contains U.

The map V introduced in this proposition is called a strong Lyapounov
function associated to A.

Let now A be a subset of ¥ and U C X an open neighborhood of A. A
continuous function V' : U — R is called a Lyapunov function for A C ¥ if
V(y) < V(z) forallz €e U\ A, y € &(x), t > 0; and V(y) < V(x) for all
x €N ye€ d(xr)andt>0.

Proposition 2.9 (Lyapounov) Suppose V : U — R is a Lyapunov func-
tion for A and L = L((v,)) C U. Assume that V(A) has an empty interior.
Then L C A and the restriction of V to L is constant.



3 Verification of hypothesis 2.1

This section is devoted to the verification of Hypothesis 2.1. The results
given here will be used in section 4 to analyze specific situations.

3.1 Estimates based on compactness

Let M;,q(E) denote the open set of indecomposable Markov matrices.

Proposition 3.1 Suppose that the sequence (M,) lies in a compact subset
of Mina(E) and verifies lim,,_, oo (M, 41 — M,) = 0. Then hypothesis 2.1 holds.

This proposition is a direct consequence of the next lemma.

Lemma 3.2 Let TM(E) be the space of matrices K = K(x,y) such that
>, K(z,y) = 0. The map Q : Ming(E) — TM(E) which associates to M
its pseudo inverse and the map 1 : M;q(E) — A which associates to M its
mvariant measure are smooth maps.

Proof: Set M € M;,,4(E). The invariant probability of M, I1(M), is solution
to ¢(M, ) = 0 where ¢ : M;,,q(F) x A — TA, is the smooth map defined by

(M, p) = p(l = M),
with TA={p: E—R : ) p(z)=0}. ForalveTA,

¢ B
%(M, w).v=uv(l —M).

Hence, by uniqueness of the invariant probability measure, g—:f(M , i) has
kernel {0} and the fact that II is smooth follows from the implicit function
theorem.

We denote by II(M) € M(E) the matrix defined by II(M)(z, y) = II(M)(y).
The pseudo inverse of M is solution to ¥(M,Q) = 0 where 1) : Myq(F) X
TM(E) — TM(E), is the smooth map defined by

~

(M, Q) = QU — M) — (I - TI(M)).

For all A € TM(E)
oY B B
G0 (M Q) A=A~ M),



Hence, by uniqueness of the invariant probability measure, g—g(M , Q) has
kernel {0} and the fact that () depends smoothly on M follows from the

implicit function theorem. QED

Let K be a continuous mapping from I a compact set into M(E) such that
K (w) is indecomposable for all w € I'. Assume (w,,) is a sequence of I'-valued
random variables such that M, = K(w,). If in addition lim, .. (M, —
M,,) = 0, then proposition 3.1 applies.

3.2 Estimates based on log-Sobolev and spectral gap
constants

Propositions 3.3 and 3.4 below can be used to verify hypothesis 2.1 when
the sequence (M,,) is not bounded away from M;,4(E). The strategy is then
to verify assertions (i) and (iii) of proposition 3.3 and to use the estimates
given by proposition 3.4 to verify assertion ().

Proposition 3.3 Suppose that the matrices (M,) are indecomposable and
that their pseudo inverse (Q,) and invariant probabilities (m,) satisfy

(i)
1o 1O log(n)

=0,
n—o0 n
(ii)
: n
h;n_)solip | M1 — MN|M < 0
(iii)
. n
lim sup |m,41 — 7|4 [ —— < 00
n—oo log(n)

Then hypothesis 2.1 holds

Proof : The proof amounts to show that hypothesis 2.1 (i) holds. Set
L, =M, — I and II,, = II(M,,). Using the characterization of @),, one has

Qn+1(Ln+1 - Ln) + (Qn-i-l - Qn)Ln = Hn—i—l - Hn-

Hence,
Qn+1(Ln+l - Ln)Qn + (Qn-i-l - Qn)LnQn = (Hn—i-l - Hn)Qn
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That is (using Q,11,, = @,11,.1 =0 and L,Q, =11, — I)

Qn-i-l(Mn-i-l - Mn)Qn + (Qn - Qn—i—l) = (Hn-i-l - Hn)Qn

Therefore

|Qn - Qn+1| S C(|Qn+l||Qn||Mn+1 - Mn| + |7Tn+1 - 7Tn||Qn|)>

for some constant ¢ > 0 and conditions (i), (i7), (¢47) imply hypothesis 2.1
(il). QED

Let M;..(E) denote the open set of irreducible Markov matrices. Let
M € M,,..(F) with invariant probability m and let f : E' — R. The variance,
entropy and energy of f are respectively defined as

var(f) = w(f?) — (xf)?
L) =Y Fla)log (f (@) ) n(2)

7 f?
£() = 3 (W)~ (@) Mz, y)m(x).

x7y

The spectral gap and log-Sobolev constants of M are then defined to be

i £ ) 0}

a:min{% :cg)%o}.

The following estimates follows from the quantitative results for finite Markov
chains as given in Saloff-Coste (1997) theorems.

Proposition 3.4 Let M € M,,..(E) with invariant probability m log-Sobolev
constant a and spectral gap . For all (x,y) € E the following estimates hold:

(1)

m(y) 1
Q(z,y)] < @X

11



(ii)

Q. y)| < ~ los, <1og (%)) +
where log,, (t) = max(0,log(t)).

023 (e(2) 4

< . s () 220220 )

In particular

and

- 1—2m,

Proof : Let L = —I + M and let {P;} be the continuous time semi-group
P, = et*'. Then @Q can be written as

0
The first assertion then easily follows from the estimate

|Py(z,y) —7(y)| < @Q—At

7(x)

whose proof can be found in Saloff-Coste (1997, Corollary 2.1.5).
We now pass to the second assertion. If 7(x) > €? the inequality to be

proved follows from inequality (i). Hence we assume that 7(z) < €%, and
we follow the line of the proof of Theorem 2.2.5 in Saloff-Coste (1997). For
q > 1, we let ||.||; denotes the norm in [?(7). We let P denote the adjoint
of P, in I*(r), and pi(z,y) = pi(y,z) = Py(x,y)/n(y). Let g, denote the
function given by g¢.(y) = 0 for x # y and g,(x) = 1/m(z). Then

|Pi(z,y) — ()] < lpelz,.) = U2 = [[(F = 7)gall2
Therefore
| Prs(@,y) = ()] < ||pess(@, ) = Ule <P — wlla—al | P de|]2

< e P! le—zllgal le

for any k > 1. where we have used the fact that ||P} — 7||a—o < e7. Let
q be the Holder conjugate of k. Then ||P|[s—2 = ||Ps||2—q- Now choose
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q(s) = 1 — €. By hypercontractivity (see Theorem 2.2.4 in Saloff-Coste
(1997)), ||Ps||2—q(s) < 1 so that

|[Pevs(a,y) = m(y)| < e () /90,

Hence 1
1Q(z,y)| < 25+ X?T(x)‘l/q@).

For s = 5-log, (log(=)) this gives the desired result.

w(z)
The uniform bounds on |Q| follow from the rough estimates

1—2m,
log((1 — m.)/m.)
given in Saloff-Coste (1997, Lemma 2.2.2 and Corollary 2.2.10) QED

A< a<)\/2

4 Some applications

In sections 4.1 and 4.2, we are interested in the long term behavior of the
empirical occupation measure of the process. We then let ¥ = A, V,, = 0x,,

and
1 n
y = — Ox..

Hence, Vn(x) =0, and 0, = 7,.

4.1 Markov chains

Let (M,,) be a deterministic (or Fy measurable) sequence of Markov matrices
over E. A non homogeneous Markov chain with transition matrices (M,,) is
an adapted process (X,,) on E verifying (1).

Proposition 4.1 Let L((7,)) C A denote the limit set of (w,) and let
conv[L((m,))] denote its convex hull. Suppose that hypothesis 2.1 holds. Then
L((vy,)) C conv[L((my))] with probability one.

Proof : The set C'= A x conv[L((m,))] is adapted to (v,,7,). The induced
differential equation v € —v + conv|[L((m,))] has a unique global attractor
conv[L((m,))]. Hence, by Theorem 2.6 and Proposition 2.7, (ii), L((v,)) C
conv[L((m,))]. QED
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Corollary 4.2 Suppose that the sequence (M,) lies in a compact subset of
Mina(E) and verifies M,.1 — M, — 0. Then conclusion of proposition 4.1
holds.

Proof : Follows from proposition 4.1 and corollary 3.1. QED

Corollary 4.3 Assume that M,, — M € M;,q(E). Then v, — m the invari-
ant probability of M.

Markov chains with rare transitions

Among the well studied chains that motivate our analysis are the chains with
rare transitions.

Let My be an irreducible Markov matrix over F, reversible with respect
to a reference probability my. That is

mo(x) Mo (z,y) = mo(y) Mo(y, x).

We sometimes call such an M, an exploration matriz since it provides a way
to explore the state space.

Let W: E x E— R, be amap and (3,) a sequence of positive numbers.
Set

M (2,y) = M(Bn, z,y) (6)
where

My (2, y)plexp(—=BW (z,y))] if z # y,

M(B,x,y) =

1= M3, z,y) if v =y,

and
Y(u) = min(1, u) (7)
) =

In particular, let U : E— R be a map, and let
Wiz, y) =Uly) —U(z), (8)

then (M,) are the transition matrices of the so-called Metropolis-Hasting
(6, = B) or simulated annealing (3, — oo) algorithm (Hajek (1982), Holley
and Stroock (1988), Miclo (1992)).
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Consider the Markov chain with rare transitions (6) where W is given
by (8). For z,y € E a path v from z to y is a sequence of points xy =
T, T1,...%, =y such that My(z;,x;11) > 0. We let I'; , denote the set of all
paths from x to y. The elevation from x to y is defined as

Elev(z,y) = min{max{U(z) : z € v} :y €, ,}
and the energy barrier as
U# = max{Elev(z,y) — U(z) — U(y) + minU :z € E,y € E} 9)

Proposition 4.4 Consider the Markov chain with rare transitions (6) with

W given by (8). Assume that 3, = B(n) where 5 : Rt — RT is differentiable
and verify

- A

0<p(t) <~

for some A < 1/2U%. Then v, — 7 where
m(x) o o () Largminu ().

Proof : Our first goal is to verify hypothesis 2.1. Let A(5) denote the
spectral gap of M (3, -,-). It follows from Theorem 2.1 in Holley and Stroock
(1988) that

. log(A(B))
lim — 2 = —U#, 10
The invariant probability measure of M(f, -, -) is the Gibbs measure
() o exp(—BU (z))mo (). (11)

Since 3, < 1+ Alog(n), by application of the last inequality of Proposition
3.4, one gets that hypothesis 2.1 (i) holds.

For z # y
%&Ly) = —Mo(z, Y)W (z, y)¢' (exp(—BW (z, y)) exp(— W (z,y)).
Using the fact that [¢/(t)t] < 1, one gets that
W)
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for some ¢ > 0. Hence by the mean value theorem

|Mn+l - Mn| S C|ﬁn—i—1 - ﬁn| S (AC)/?’L

This proves assertion (ii) of proposition 3.3. The proof of assertion (7i7) is
similar since

( )

| = [ms Zﬂﬁ )l <2[|U]].

This concludes the verification of hypothesis 2.1.
Here m,(z) o exp(—5,U(z))mo(x) so that m, — m. The result follows
from Proposition 4.1. QED

Remark 4.5 For general W, it is always possible to define a quasipotential
U (defined in term of W and M) and an energy barrier U# (in general not
given by (9)) such that both equations (10) and (11) hold. We refer the
reader to Miclo (1992) for more details and proofs. With this quasi-potential
and barrier Proposition 4.4 holds.

4.2 Vertex reinforced random walks

Vertex-reinforced random walks (VRRW) were first introduced by Pemantle
(1988, 1992).
Suppose F,, = 0(X1,...,X,). A general VRRW on FE is defined by

M, (z,y) = K,(z,y,v,)

where for each integer n and v € A, K, (+,-,v) is a deterministic Markov
matrix over E, which specifies the rule of the reinforcement.
The following result was proved in Benaim (1997).

Proposition 4.6 Assume that K,(z,y,v) = K(z,y,v) is indecomposable
for each v € A and that the map v — K(x,y,v) is continuous on A. Let
m(v) denote its invariant measure. Then the limit set of (v,) is almost surely
an internally chain transitive set of the differential equation

0 =—v+m(v). (12)

Proof : This follows from Proposition 3.1 and Theorem 2.6. QED
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Linear reinforcement

The original VRRW as defined by Pemantle (1998, 1992) corresponds to a

linear reinforcement:

M, (x,y) < U(z,y)

1+ 1X,L:y] :

1=1

where U is a matrix with nonnegative entries. Equivalently, with the notation
of the previous paragraph,

Koo, 0) < Ul ) [ 2+ 0(0)] (13

On a finite graph, this process was first analyzed by Pemantle (1992) for
symmetric positive matrices (U(z,y) = U(y,x) > 0) and later by Benaim
(1997) for general positive matrices using proposition 4.6. As an example of
what can be proved is the following result first due to Pemantle (1992)

Proposition 4.7 Suppose U(x,y) = U(y,x) > 0. Then the limit set of (v,)
1s a compact connected subset of the critical set of the map

v Ule,0) = Y Ul go@)e(y).

Proof : This follows from the fact that v — U(v,v) is a strict lyapounov
function of (12) whose critical points are the zeroes of (12). QED

When the matrix U has zero entries, K(z,y,v) may no longer be inde-
composable for some v € 0A and proposition 4.6 cannot be applied. This
makes the analysis of VRRW with linear reinforcement much more difficult.
Beautiful results on Z and Z? have been obtained by Pemantle and Volkov
(1999), Volkov (2001) and Tarres (2004). We refer the reader to Pemantle
(2007) for a survey and further references.

Non homogeneous linear reinforcement

Let (a,) be a positive sequence and denote r, = >  a;. Consider the
VRRW corresponding to:

M, (z,y) o< U(x,y)

i=1

1 + Z ailxi:y] s
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where U is a matrix with nonnegative entries. Equivalently, M, (z,y) =
K(z,y,€,,w,) with

K(z,y,¢,w) < U(z,y) e +w(y)], (14)

€n = 1/r, and w, = % > 1 a;0x,. Using proposition 3.1, it is not hard to
check that hypothesis 2.1 and hypothesis 2.2 (with V; = d,) are satisfied, so
that theorem 2.6 applies.

Since dx, = v; + (i — 1)(v; — v;—1), using the convention 1o = vy = 0,

n

1 & 1 .
w, = E Z(T’z —ris1)v; + E Z(Z — (v — vi-1)a;

i=1 i=1
1 n—1 1 n—1
= Up+ — Z ri(vi = vig1) + — Z i1 (vit1 — i)
(3 KA
1 n
= Up— — (Ti - mz'Jrl)(Uz'Jrl - Ui)
n i=1

Sil’lCQ |Ui+1 — UZ" S 2/7,,

9 n

T
- = Qi1 -
)

Consider now the two following classes of sequences (a;):

(i) a; = a(i) where a is an increasing continuous function such that for all

positive s €]0, 1], limy—., %) = 1.

(ii) a; = a(i) where a is a decreasing continuous function such that for all

positive s €]0, 1], lim;_ C;((T)) = 1, and there exists b : [0,1] — R*

measurable such that fol b(s)ds < oo and for all (s,t) €]0,1] x R,

For example a; = (log(i))* satisfies (i) for a > 0 and (ii) for o < 0.

Lemma 4.8 Assume (i) or (ii) holds, then lim,,_ . |w, — v,| = 0.
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Proof : Note that it suffices to prove that = —a;1 = o(a;). Assume first(i)
holds. Then

VAN
VR
S
S|F
-
|
—_
_|_
o\
>
VRS
—_
|
215
=l
~__
ISH
@
~__

0 < - — Q41

(oot [ ()

= o(a;)

by dominated convergence theorem. QED

Let 7(v) denote the invariant probability of K (x,y,0,v). Then the previ-
ous lemma implies that when (i) or (ii) holds, lim, . |7, — 7(v,)| = 0. This
last property with theorem 2.6 implies the

Theorem 4.9 Assume that (i) or (ii) holds, then the limit set of (v,) is
almost surely an internally chain transitive set of the differential equation

0 =—v+7(v). (15)
Note that proposition 4.7 also holds for sequences (a;) satisfying (i) or (ii).

Exponential reinforcement

Let U: E x E— R be amap. For x € ' and v € A, set

Ulz,v) = Uz, y)o(y),

W(z,y,v) =U(y,v) — U(z,v),
Mo(SL’, y)¢[exp(—6W(x, Y, U))] if z 7A Y,

1—=> 2. K(B,z,y,0) if v =y,
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and
K,(z,y,v) = K(Bp,x,y,v). (16)

Here M, is an exploration matrix and 1 is given by (7). When 3, = 3, such
a VRRW can be seen as a discrete time version of the self-interacting diffu-
sions on compact manifolds that have been thoroughly analyzed by Benaim,
Ledoux and Raimond (2002), Benaim and Raimond (2003, 2005, 2006).
When (3, = Alog(n), the VRRW can be seen as a discrete time version

of the self-interacting diffusions on compact manifolds studied by Raimond
(2006).

Let U#(-,y) be the energy barrier as defined by equation (9) of the map
x— Uz, y)

Theorem 4.10 Consider the VRRW with exponential reinforcement defined
by (16). Assume that 3, = B(n) where § : Rt — R* is differentiable and

verify
0<p(t) < ?
for some A1/2max{U¥(-,y) :y € E}. Let
C(v) = A(ArgminU(-,v))

denote the set of probabilities supported by ArgminU(-,v). Then the limit set
of (v,) is an internally chain transitive set of

v e —v+C(v).

Proof : This is an application of Theorem 2.6. The verification of hypothesis
2.1 is similar to the one given in proposition 4.4. Details are left to reader.

It is easily seen that C is a closed-valued set with convex values. For
vE A, let

mlv](x) o< mo(z) exp(—5,U(z, v))
and
m[v](x) o 70 (%) Largmint (-0 ()-

The invariant probability of K, is m,[v,] and

lim 7, [v](z) = 7[v](z).

n—oo

This proves that C' is adapted to (v,,m,[v,]) and the result follows from
Theorem 2.6. QED
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Corollary 4.11 (symmetric interaction) Assume that hypotheses of The-
orem 4.10 hold and assume furthermore that U is symmetric (i.e U(x,y) =
U(y,x)). Then (v,) converges almost surely to a connected component of the
set

{veA:veCv)}.

Proof : Let 1 1
H(v) = 5U(v,0) = 3 > Uz, y)o(a)o(y).

We claim that H is a lyapouvov function of the differential inclusion (5). Let
t — wv(t) be a solution to (5) then, for almost all ¢ > 0
d

SH(u() =

where we have used the symmetry of U, the fact that © +v € C(v) and the
definition of C'(v). Since t — H(v(t)) is locally Lipchitz, it is nondecreasing.
If now t — H(v(t)) is constant over a time interval, then v(t) € C(v(t))
over this time interval. This proves that H is a Lyapounov function for
A={veA :ve C)} The result now follows from Proposition 2.9
(compare to Benaim, Hofbauer and Sorin (2005), Theorem 5.5) provided we
show that H(A) has empty interior.

Let v € ANint(A). Since the mapping x — U(x,v) is constant, for all
for all w € A, U(w,v) = U(v,v). Therefore H(v) = U(w,v) for all w € A.
It follows that H restricted to A Nint(A) is a constant map. The same
reasonning applies to prove that H restricted to each face of A is a constant
map. We thus have proved that H(A) takes finitely many values. QED

Remark 4.12 Corollary 4.11 still holds true under the weaker assumption
that the map v — U(z,v) is smooth and convex in v.

Corollary 4.13 Assume that U is symmetric and nonnegative and that
Ker(U)NTA = {0}.

Then {v e A:ve C(v)} reduces to a singleton v* and (v,) converges almost
surely to v*.
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Proof : Let v € C(v),w € A and h = w — v. Since v € C'(v),U(v,h) > 0.
Thus U(w,w) — U(v,v) = 2U(v, h) + U(h,h) > 0, proving that v is a global
minimum of v — U(v,v). Since U(h, h) > 0 for h = w — v # 0, such a global
minimum is unique. QED

4.3 Games

Consider a two-players game. We let E; (respectively Fs) denote the finite
set of actions available to player 1 (respectively player 2) and

U= U0 :E xE,—-RxR

denote the payoff function of the game. If player 1 and player 2 choose
respectively the actions # € F; and y € E», then player 1 gets U'(z,y) and
player 2 gets U?(z,y).

Let ((X,,Y,)) denote the sequence of plays. In noncooperative game
theory we assume that ((X,,,Y,)) is adapted to some filtration (F,,) and that
at the beginning of round n + 1, players have no information on the action
to be played by their opponents: for all (z,y) € E; X Fy and n € N

P(Xni1=2,Yp1 = y|Fn) = P(Xpy1 = 2| F,)P(Yo = y|Fn).

4.3.1 Markovian fictitious play
For z € F; and v? € A(E,) set
Uz, 0%) =Y UM(x, 2)v°(2).

zeF

Let
1 n
2
= — dy..
v n; Y,

A well studied strategy known as “fictitious play” consists for player 1 to
play at time n + 1 an action maximizing U'(-,v?), that is

X1 € ArgmaxU* (-, v2). (17)

This strategy relies on the idea that in absence of information on the next
move of his opponent, player 1 assumes that he (the opponent) will play ac-
cordingly to the past empirical distribution of his moves. While fictitious play
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was originally proposed in 1951 by Brown as an algorithm to compute Nash
equilibria it has been recently rediscover as a “learning model” (Fudenberg
and Kreps (1993); Fudenberg and Levine (1998)) and has been extensively
studied (Monderer and Shapley (1996); Benaim and Hirsch (1999a, b); Hof-
bauer and Sandholm (2002); Benaim, Hofbauer and Sorin (2005, 2006), see
also Pemantle (2007) for an overview and further references).

Fictitious plays requires to solve the maximization problem (17) at each
stage of the game. If the cardinal of E; is too large (or if players have com-
putational limits) such a computation may be problematic. An alternative
strategy proposed first in Benaim, Hofbauer and Sorin (2006), based on pair-
wise comparison of payoffs, is as follows: The strategy of player 1 is such that
P(Xni1 =y|Fn) = M, (X,,y) with M, the Markov matrix defined by

M()(SL’, y)¢[exp(—ﬂan(x, y))] if z # Y,
M, (z,y) = (18)
1 _Zy;ﬁx M, (z,y) if v =y,

where

Wn(l',y) = Ul(xuvfzz) - Ul(yvvi)a

My is an exploration matrix, 1 is given by (7) and (3, is an increasing positive
sequence. Such a strategy will be called a Markovian fictitious play strategy.
Adopting the view point of player 1, we choose, as an observation space,

Y= A(El) X A(EQ)
and as an observation variable
Vo = (0x,,dy,).

Hence (v,) is the empirical frequency of the actions played up to time n, and

~

Vi(x) = (02, V),

where v,, = E(dy,,,|Fn).

We let UM (y) denote the energy barrier, as defined by (9), of the map
x— Ul(z,y).
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Theorem 4.14 Assume that player 1 plays a Markovian fictitious play strat-

eqy as given by (18). Assume that 3, = B(n) where (3 is differentiable and
verify )
0 <At <~

for some A < 1/2max{U"(y) :y € E}.
For v = (v',v?) € A(E) x A(F) let

C1(v?) = A(ArgmaxU* (-, v?))
and
C(v) = C1(v?) x A(F)

Then the limit set of (vy) is an internally chain transitive set of
v e —v+C(v).

Proof : This still an application of Theorem 2.6. The verification of hy-
pothesis 2.1 is similar to the one given in proposition 4.4. Let

ma[v?](2) o< Mo () exp(B.U" (w, v7))

and
T0?](2) o o () L Argmax(U? (-w2)) (2)-

Then, the invariant probability of M, is m, = m,[v2] and 6, = 7, V,, = (7, V)
with v, = E(dy, ,,|F,). Since m,[v?] — 7w[v?] € C*(v?) it follows that C' is an
adapted graph. QED

Much more can be said under the assumption that both players adopt
a Markovian fictitious play strategy: P(X,.1 = y|F.) = MY(X,,y) and
P(Y,11 = y|F,) = M2(Y,,y), with M! and M? the Markov matrices defined
by (with i € {1,2})

| Mo(z,y)¥lexp(=B,Wy(z,y))] if z #y,
M, (z,y) = | (19)

where



M is an exploration matrix, v is given by (7) and /3" is an increasing positive
sequence.

Let Conv(U) denote the convex hull in R? of the set {U(z,y) : v € Ey,y €
E,} of all possible payoffs. We now choose

Y = A(E;) x A(Ey) x Conv(U)
as an observation space, and
Vn = (6Xn7 5Yn7 U(Xru Yn))

as the observation variable. Hence

~

Va(,y) = (02, 0,, U(z,y))
where v,, = E(dy,,,|Fn).

Theorem 4.15 Assume that both players adopt a Markovian fictitious play
strategy. Assume that for i € {1,2}, B¢ = [%(n) where 3" is differentiable
and verify

for some A" < 1/2max{U"*(y) :y € E;}.
For v = (v',v? u) € A(E)) x A(FE,) x Conv(U), let

C(U> = {{(05757’7) €X:ac Cl(v2>7ﬁ S 02(1)1)77 = U(O‘76>}

where C1(v?) is like in Theorem 4.14 and Cy(v') is analogously defined for
player 2. Then the limit set of (vy,) is an internally chain transitive set of

v e —v+C(v).

Proof : Let (M) denote the strategy of Player i. Let 7¢, ! be the invariant

measure and spectral gap of M. On the state space E; x E, the strategy of
the pair of players is M,, = M! ® M? which invariant measure is 7, = 7} @72
and spectral gap A, = min(AL, A\2). Thus hypothesis 2.1 holds for (M,,). The

n»’'n

rest of the proof is similar to the proof of Theorem 4.14 and is left to the
reader. QED
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Corollary 4.16 (zero sum games) Suppose that U*> = —U'. Then under
the assumption of Theorem 4.15, (vl v2) converges almost surely to the set
of Nash equilibria

{(vi,12) 01 € CL(v?), 15 € Cy(vh)},
and (U'(X,,,Y,)) converges almost surely to the value of the game

u* = max min U' (v', v?) = min max U (v', v?).
vleE v2eF vleE v2eF

Proof : This follows from theorem 2.6, proposition 2.7 (ii) and the fact that
the set {(v1,v9,u) : vy € C1(v?),v9 € Cy(v'),u = u*} is a global attractor of
the differential inclusion, as proved in full generality by Benaim, Hofbauer
and Sorin (2005). QED

Corollary 4.17 (Potential games) Suppose that U?> = U'. Then under

the assumption of Theorem 4.15, (v} v2) converges almost surely to a con-

nected subset of the set of Nash equilibria
{(v1,12) 01 € CL(v?), 19 € Cy(vh)}

on which U' is constant, and (U'(X,,Y,)) converges almost surely towards
this constant.

Proof : Follows from theorem 2.6, proposition 2.9, and the fact that U = U?
is a Lyapounov function of the differential inclusion. The proof of this later
point is given in (Benaim Hofbauer and Sorin, 2005, Theorem 5.5). It is
similar to the proof Corollary 4.11. QED

4.3.2 A remark on hypothesis 2.2

We give here a simple example showing the necessity of hypothesis 2.2.
Consider the zero sum game where E; = Fy = {0,1}, U' = —U? and

L[ o -1
U = [ O
Let V,, = U'(X,,Y,) be the payoff to player 1 at time n. One has

A

Vi(x) = UNx, 1)y, + U (x,0)(1 — ™)
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with v, = E(Y,,11|Fn).
Suppose player 1 adopts the strategy given by

w=[1z 1]

Then m,(0) = m,(1) = 1/2 and 6,, = 7,,V,, = —1/2 (the value of the game).
Hypotheses 2.1 and 2.2 are easily seen to be satisfied (see Lemma 3.2 and
remark 2.3 (4i7)) and by theorem 2.6

1
Uy — —=

2

regardless of the strategy played by 2.
Suppose now that player 1 adopts the strategy given as

01
=10
and that player 2 plays Y, .1 = X, for all n > 1.
Again m,(0) = m,(1) = 1/2 and 6,, = —1/2. However, hypothesis 2.2 is

not verified and the prediction given by (a wrong application of) theorem 2.6
fails since

oy = %(Ul(Xl,Yl) 1) — 1.

5 Proof of Theorem 2.6

Let I denote a set—valued function mapping each point z € R™ to a set
F(z) C R™ We call F a standard set valued-map provided it verifies the
three following conditions:

(i) F is a closed set-valued map. That is
Graph(F) = {(z,y) -y € F(z)}
is a closed subset of R™ x R™.

(ii) F hasnonempty compact convex values, meaning that F'(z) is a nonempty
compact convex subset of R™ for all x € R™.
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(iii) There exists ¢ > 0 such that for all x € R™

sup 2] < (1 + ||z]])

z€F(x)
where || - || denotes any norm on R™.

Given a standard set-valued map F| set
Fo(u)={w e R™ : Jv € R™ : d(u,v) < 6, dw,F(v)) < d}.

The following proposition follows from the results of Benaim, Hofbauer and
Sorin (2005).

Proposition 5.1 Let (z,,) and (U,) be discrete time processes living in R™
and (v,) a sequence of nonnegative numbers. Let (F,) be a sequence of set-
valued maps and let F' be a standard set valued-map. Assume that

(i)
Tpt1 — Ty — 7n+1Un+1 S f)/n—l—an(xn)
(ii)
Z% =00, lim ~, = 0.

(iii) Forall T >0

k-1
E Yit1Uis1
=n

lim sup {

where

:k:n+1,...,m(7'n+T)}:0

n
Th = E Vi
i=1

and
m(t) =sup{k >0 : t > 7} (20)

(iv) sup,, ||z.|| = M < oo,
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(v) For all § > 0 there exists ng such that
Fu(n) C F ()
for all n > ny.

Then the limit set of (x,,) is an attractor free set of the dynamics induced by
F.

Remark 5.2 If condition (v) is strengthen to F,, = F, Proposition 5.1 fol-
lows from Proposition 1.3 and Theorem 4.3 of Benaim, Hofbauer and Sorin
(2005). Under the weaker hypothesis (v), it suffices to verify that the argu-
ments given in the proof of Proposition 1.3 adapt verbatim.

With the notation of the preceding sections, write

1
H—H[—Un + 6, + Upia]

Un+1 — Un = —[_Un + Vn—l—l] =

n+1

where
Un+1 - Vn+1 - Hn (21)

Hence, conditions (i), (i7) and (iv) of the previous proposition are satisfied
with F,(u) = —u + C,(u) and v,, = 2. Condition (v) follows from the next
lemma.

Lemma 5.3 Let C be adapted. For uw € ¥ and d > 0 set
C'lu)={weX :Fvel : du,v)<ddw C) <d}.
Then for all 6 > 0 there exists ng such that
Co(u) C C°(u)
for allm > ny and u € p(Cy).

Proof : Let I';, = p(C,,). Assume to the contrary that there exist sequences
Up, € Ty, and v, € C, (uy,) such that ny — oo and v, & C°(u,,). By
compactness we may assume that w,, — u,v,, — v € C(u). Hence for ny
large enough d(uy,,u) < § and d(v,,,v) < § proving that v,, € C°(u,,).
QED

To conclude the proof of theorem 2.6 it remains to verify condition (i77)
of proposition 5.1.
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Lemma 5.4 Under hypothesis 2.1, the sequence (U,,) defined by (21) verifies
hypothesis (1ii) of proposition 5.1.

Proof : Set %_HUn'f‘l = €2+1 + €,41 With

1 ~
62L+1 = n—H(VnH — Va(Xnt1)),
and
1 ~ R
€n+1 = "+ 1(Vn(Xn+1) - ann)
1 ~
= — M, X

where the last equality follows from the definition of @),,. Now, write €, =
S €., where

1 N R
Erlz—i-l = n+1 [QnVn(Xn-i-l) - MnQnVn(Xn)]>
, 1 . 1 .
6n-i—l = n—HMnQnVn(Xn) - EMnQnVn(Xn%
1 N 1 N
€y = ﬁMnQnVn(Xn) - n—HMn+lQn+1Vn+1(Xn+l)>

1 . .
Ei—l—l = n—_l_an-i-lQn—i-l(Vn-l-l - Vn)(XN+1)>

1 N R
62—1—1 = n—_l_l[Mn+1Qn+1Vn(Xn+1> - MnQnVn(Xn+1)]

Fori=0,...,5, let

en(T) = sup {

k-1

i
2.5
j=n

Since ¥ is compact there exists a finite constant R such that ||V, ||+32, [|[Va(2)]| <
R. Sequence (€)) is a martingale difference with E(||€)_, ||?|F,,) < R?/(n+1)%.

Therefore, by Doob’s convergence theorem for L? martingales, lim,, o, €2(T) =

0.

:k:n+1,...,m(Tn+T)}.
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Sequence (e),) is a martingale difference with ||}, || < R|Q,|/(n + 1).
Thus by a classical application of exponential martingale inequality (inequal-

ity (18) in Benaim (1999)) we have for all positive «,

—

2
P(eh(T) > @) < coxp (CZ?;(T”T)(R?I@'P/Z'Q))

for some positive constant c. By hypothesis 2.1, for any ¢ > 0 and n large
enough

m(tn+T) m(mn+T) 1 c c
210,12/ < - <T .
; (FQ:[/T7) < ; ilog(i) =  log(n)

Thus
> P(ey(T) > a)) < o0

and lim,,_, €., = 0 by Borel-Cantelli Lemma.
Forn+1<k<m(r,+7T),

d- XM
j=n j=n
Thus (s T)
=R L iy ST
By hypothesis 2.1, this goes to zero when n — oo.
Forn+1<k<m(r, +7T),
k-1 1 A 1 )
€ = gMnQnVn(Xn) - EMkaVk(Xk)a
j=n

so that ]
es(T) < 2sup R—|Qi|

i>n 1
and €3 (T) — 0 as n — oo by hypothesis 2.1.
The term €} (7T') is dominated by

A

T supsup |Mi1Q;i(Vigr — Vi) ()]

i>n T

31



which converges towards 0 as n — oo by hypothesis 2.2.
Finally, since M,,Q, = Q, + 11, + 1
1
5 _
Tt

(Qn—i—l - Qn)f/n(Xn—i-l) - (Hn+1 - Hn)f/n] .

Hence
en(T) < RTS;LJPUQiH = Qil + |mip1 —mi|) = 0

by hypothesis 2.1. This completes the proof of (iii). QED
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